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Abstract
Purpose – The purpose of this article is to identify how the organisations are able to improve
their business value through acquisition of business analytics capabilities and by improving their
performance.
Design/Methodology/Approach – With the help of literature survey, along with standard
resource-based view framework, a conceptual model has been developed. These have been
statistically tested by collecting the data using the survey questionnaire from 306 selected
respondents from various service sector and product based organisations in India. To analyse the
data we have used partial least square based structural equation modelling.
Findings – The study highlights that by the help of data acquisition and tool acquisition as two
vital components, the acquisition of business analytics capabilities could improve the business
value of the organisation by strengthening its organisational performance. The findings of this
research also indicated that acquisition of business analytics capabilities has a significant
influence on organisation’s business process performance and business decision, which in turn
significantly influence organisational performance. And, organisational performance eventually
positively influences its business value. The model was found to provide an explanative power of
71%.
Research Implication – The proposed research model can provide effective recommendations
to the management of the organisations to realise the importance of acquisition of effective
business analytics capabilities to eventually improve the business value of the organisation.
Originality/Value – No specific studies, as yet, have analysed the effects of acquisition of
business analytics capabilities for improving organisational performance mediated through
business process performance and business decision. Therefore, this research has explored the
distinctive effort to empirically validate this understanding.
Keywords – Business Analytics, Business Value, Organisational Performance, Business
Decision, Data Acquisition, Tool Acquisition
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Paper Type – Research paper
1. Introduction
Global business environment is changing rapidly (Cravens et al., 2009). Business organisations
are found to depend more and more on modern technologies, which are experiencing
unprecedented advancement. In this scenario, the organisations are bound to be more agile as
well as innovative for swiftly responding to their business needs. To survive in this competitive
ambiance, the organisations must have the ability to respond accurately and quickly to the
sophisticated global marketplace needs. To achieve this, the organisations are to depend on data
science with the help of developed information technology. These would require various tools
and techniques to be acquired by the organisations to overcome the growing business challenges
(Sharda et al., 2016). In this competitive environment, the organisations are needed to analyse
huge volume of customers’ data to identify their preference, likings, and dis-likings. Tackling
huge volume of such data by the organisations through the offline traditional model is found to
pose problems.
As such, organisations are now found to have depended on sophisticated analytics tools (Wang et
al., 2016; Dahabiyeh et al., 2020). Availability of these datasets and use of sophisticated tools
have made data science and information technology important for the organisations. This has
helped the organisations to realise the business environment that would help the organisations to
reach a meaningful business decision for their business growth (Sharma et al., 2014; Bichler et
al., 2017). By acquisition of data through different means, the organisations would be able to
arrive at a precise decision to improve their business value. The huge volume of data is
statistically analysed and some decisions are taken based on that analysis and this may be
referred to as business analytics (BA) (Delen et al., 2018; Zameer et al., 2020). The study
collected data from 247 professionals from the USA (Schniederjans et al., 2016) for investigating
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the contributions of data collection and tool acquisition that could impact business analytics. This
inference was also confirmed from another study conducted earlier based on 202 Korean
organisations and it was found that data collection and tool acquisition played vital role to
influence business analytics (Garrison et al., 2015).
Most of the growing organisations are reported to have invested huge amount to develop BA
tools (Cosic et al., 2015; Oesterreich and Teuteberg, 2019; Sedera et al., 2019; Sha et al., 2020;
Dahabiyeh et al., 2020). According to Accenture and General Electric, 89% of the global
organisations have started believing that they would incur loss if they do not adopt BA tools to
reach correct business decision through improvement of their business processes (Columbus,
2014; Bakotic and Krnic, 2017; Uriona Maldonado, 2020). However, despite the popularity of
the business analytics in the contemporary businesses, there is a controversy if an acquisition of
BA capabilities would improve organisational performance and business value by enhancing
business process performance through accurate real time business decision (Akter et al., 2016;
Ramanathan et al., 2017). No studies are available how acquisition of business analytics
capability could improve the organisational performance with real-time decision making (Loukis
et al., 2019). This study aims to fill in this research gap by examining how the acquisition of
business analytics capabilities improves business value of an organisation.
The remaining sections of the paper are structured as follows: Section 2 reviews the concerned
literature. Section 3 presents the theoretical background and propose the conceptual model and
hypotheses. Section 4 describes the research methodology with data collection strategy, research
instruments and control variables. This is followed by data analysis and results in Section 5.
Section 6 discusses the results in line with literature along with theoretical contributions,
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implications for practice and limitations and future research directions. Finally, Section 7
concludes the paper highlighting the key findings.
2. Literature Review
There are a number of studies on contribution of cloud computing for service providers of data
(Iyer et al., 2012; Venters et al., 2012; Rodrigues et al., 2014; Uriona Maldonado, 2020) to the
organisations but, not many of them have explored the role of business analytics towards the
improvement of business value (Loukis et al., 2019; Sedera et al., 2019; Sha et al., 2020;
Dahabiyeh et al., 2020). Malladi and Krishnan (2012) collected data from 243 US based
organisations to study the impact of tool acquisition for successful implementation of BA
solution and concluded that use of tool acquisition process has positive impact on the
organisations’ innovation in process, service and products. Garrison et al. (2015) also used
survey data of 302 Korean organisations and concluded that data collection as well as proper tool
selection have considerable impact in the process of business analytics. Institute of Operations
Research and Management Science,

of USA has suggested three progressive tiers of BA

including descriptive, prescriptive, and predictive approach. In addition they also suggested that
there are two main components of BA – data acquisition and tool selection (Delen et al., 2018;
Oesterreich and Teuteberg, 2019). These components are considered most fundamental enabler
ingredients of BA as observed from other studies (Wamba et al., 2017; Bakotic and Krnic, 2017,
Zameer et al., 2020).
Different studies have endeavored to study the impact of BA on organisational performance
mediating through process performance and real time business decision (Klatt et al., 2011;
Sharma et al., 2014; Troilo et al., 2016; Dennehy and Conboy, 2019; Tang and Chen, 2020). The
study has emphasised the importance and effectiveness of the resources. The resources are used
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by the organisations for performing better. This concept is based on RBV framework. Studies
reveal that acquisition of BA capabilities could enhance learning experiences and helps to
revitalise the business and to gain adequate performance improvements (Wojcik, 2015;
Ramanathan et al., 2017; Shehata et al., 2019; Siala et al., 2019; Chatterjee, 2020).
Other studies transpire that BA is associated with a wide range of applications and processes that
include collection, storage and analysis of big data (Bayrak, 2015). BA involves utilisation of big
data through qualitative and statistical techniques as has been found in other studies (Chae et al.,
2014). Studies also highlight that BA helps to create a fact based management system (Holsapple
et al., 2014; Bayrak, 2015). BA is interpreted as a set of technical and business activities with
collection of processes and tools to move, manipulate and analyse business environment (Sun et
al., 2017). Studies reveal that acquisition of BA capabilities can create business values and helps
towards best usage of the resources (Hindle et al., 2018; Chatterjee et al., 2019). Schniederjans et
al. (2016) used survey data collected from 247 ICT professionals from the USA for investigating
how data collection as well as acquisition of tools could impact BA. The study concluded that
data collection and acquisition of appropriate tools are associated with BA solution and these two
are required to be considered as vital components of BA.
Studies have revealed that with development of organisational performance, the business value
of the organisation is considerably improved (London, 2016; Jayashankar, 2019). Extant
literature appears to have advocated how acquisition of BA capabilities could ensure success in
the business of an organisation. However, there is a lack of research on how data as well as tool
acquisition could impact BA. In other words, no studies have yet examined how acquisition of
BA capabilities could influence business process and business decision for improving the
organisation’s performance, which in turn triggers its business value.
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3. Theoretical Background, Proposed Conceptual Model and Hypotheses Development
3.1 Theoretical Background
The proposed model is basically founded on the ‘Resource Based View’ (Kor and Mahoney,
2003), which is also known as ‘Resource Advantage Theory’ (Priem et al., 2001). It is a
managerial framework, which is used for determining the strategic resources necessary for an
organisation to exploit for achieving sustainable competitive advantage to ensure business value.
Under Resource Based View (RBV), the acquisition of BA application and impacts of BA on
organisational performance through business process performance and business decision will be
discussed. The RBV is structured surrounding the idea of developing abilities for utilisation of
resources towards achievements for competitive advantage through improved organisational
performance (Barney, 1991; Cosic et al., 2015; Gunasekharan et al., 2017; Delen et al., 2018).
It has been argued that success of an organisation lies on the fact how the organisation is
collecting necessary resources and deploying the resources through its proper use (Peppard et al.,
2016). It should be emphasised so that the resources are valuable, inimitable, rare as well as nonsubstitutable (VIRN) (Gunasekharan et al., 2017). In the perspective of BA acquisition, data
should be construed to be one of the vital resources, which is needed to improve business
operation. It has already been stated that data acquisition as well as tool acquisition have been
considered as important indicators towards successful BA solution that would ensure competitive
advantage for improvement of business value (Wamba et al., 2017).
Besides, quality data are needed to acquire an effective resource BA solution. This is considered
as one ingredient for RBV to provide accuracy of data (Appelbaum et al., 2017). According to
the RBV theory, the ability of an organisation to proactively create, extend and modify its
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resource base by the BA application would influence its promises to create conducive
competitive advantage, which eventually increases business value (Vidgen et al., 2017). In terms
of RBV, organisations need to acquire usable data which are valuable, inimitable, rare, and nonsubstitutable (Gunasekharan et al., 2017). These data are loaded to BA solution. The BA solution
helps the organisations to adopt appropriate decision and to redefine the business process
(Appelbaum et al., 2017). Accurate decision-making impacts performance of the organisations
prompting business value. Data acquisition and tool acquisition can be considered as vital
components of BA.

It would help to extract data from various sources. Then the data are

consolidated, summarised, and eventually loaded to BA solution (Sharda et al., 2016). This data
acquisition based applications of information science may be considered to have been included
as a part of BA acquisition in terms of RBV (Tan et al., 2016).
The RBV framework suggests that data acquisition and tool acquisition being vital components
of BA help to design innovation while adopting appropriate resources along with appropriate
argument (Hindle et al., 2018). This needs highly sophisticated mathematical modeling
mechanisms to combat multi-objective situation for proposing appropriate recommendations to
the top officials of the organisation as a special solution (Pape, 2015). Thus, it has been possible
to elucidate how acquisition of correct data and selection of appropriate tools function as
effective components of successful BA solution.
3.2 Proposed Conceptual Model
In terms of the above discussion, it is evident that the data and tool acquisition are vital
components of BA and it impacts on organisational performance through business process
performance along with ability to take real time business decision. Eventually, organisational
performance affects business value of the organisation (Gunasekharan et al., 2017). Thus, the

7

RBV framework has been able to explain how a successful acquisition of BA capabilities with its
two main components i.e. data acquisition and tool acquisition influence organisational
performance through effective business process of the organisation supported by accurate realtime business decision to eventually lead to improve business value. Based on the above
discussion, Figure 1 illustrates the proposed conceptual model.

H1

Business
Process
Performance

H3

Acquisition of
Business Analytics
Capabilities

Organisational
Performance

H5

Business
Value

H4
H2

Business
Decision
Control Variables
- Org. Size
- Org. Age
- Industry Type

Figure 1: Proposed conceptual model (Source: adapted from Kor and Mahoney, 2003)

3.3 Hypotheses Development
3.3.1 Acquisition of Business Analytics Capabilities (BA)
Organisations would be able to achieve significant performance improvement if BA can be used
in consonance with business process performance and following organisations’ objectives
(Ramanathan et al., 2017). Business process is a mechanism that can be conceptualised with
complex and multi-disciplinary situations receiving various knowledge inputs from various
resources. It is known that data can be considered as one of the vital components of BA and it
helps to enhance effectiveness as well as business performance of the organisations through data
8

exchange and information exchange (Sharma et al., 2014). Hence, acquisition of BA capabilities
helps to provide appropriate solution to diagnose, support and improve the business process
performance of the organisations (Sun et al., 2017).
It is known that data play a crucial role for the effective usage of BA solution in organisations
(Cosic et al., 2015). It is possible to acquire data from different functional areas of the
organisations. These include human resource, marketing, operations, finance and so on. It is
important to note that the quality of data is important for the effective use of BA solution in
organisation (Gunasekharan et al., 2017). In this context, the part played by the functional area
lead is considered important in matters related with acquisition of data. It is to be borne in mind
that legacy data is also important and effective relating to development of an effective BA
solution in an organisation (Sharma et al., 2014).
The RBV theory advocates that the organisations must develop the abilities for appropriately
utilising the resources to gain competitive advantage by improving their performance (Delen et
al., 2018). Moreover, this theory also suggests that it is not only acquiring data but quality of
data is equally important (Appelbaum et al., 2017). It is important to note that acquisition of data
in real time situation helps for real time decision making, which is highly essential for accurate
as well as appropriate BA solution of an organisation. Acquisition of data could be in
multifarious forms (Bernhard et al., 2006). These include big data, external data of the
organisation and internal data of the organisation. These data come from the various functional
areas of the organisation. Hence, data acquisition is a vital component of any BA solution for an
organisation.
It is observed that software is gradually becoming more and more sophisticated. In this
perspective, selection of appropriate tools has become very important for ensuring successful BA
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solution for the organisation (Tan et al., 2016). It is the key responsibility of the leadership team
to arrive at an appropriate decision whether to select on-premises tool or cloud-based solution
(Bayrak, 2015). In consonance with RBV theory, appropriate tool acquisition is considered as
one of the essential components of business analytics, which would help to extract data from
different sources for their consolidation, summarisation, and finally loading to the different BA
tools for visualisation (Sharda et al., 2016). Cost factor counts much in the selection of
appropriate acquisition of BA capabilities. User experience is considered important in the tool
selection process (Sun et al., 2017). In this context, a tool training is essential towards successful
acquisition of BA capabilities in organisation (Mithas et al., 2011).
Many studies subscribe that BA provides a better value proposition for business, which
eventually leads to business process performance (Bayrak, 2015). However, by altering business
in organisation, applications of BA can bring in maximum influence for business value with
improvement of business process (Cosic et al., 2015). Considering the above discussion, the
following hypothesis is proposed:
H1: Acquisition of Business Analytics Capabilities (BA) positively influences Business Process
Performance (BPP).
3.3.2 Business Decision (BD)
Any business organisation can take appropriate real-time business decision only if the
organisation acquires appropriate BA solution aligning with the decision so arrived at along with
the precise objective of the organisation (Appelbaum et al., 2017). The organisation should
acquire BA solution, which can help in making appropriate business decision in such a way that
it can be aligned with the overall objective of the organisation. Big data can also be considered as
one of the vital ingredients of BA and by analysing big data, it would help the organisation to
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arrive at an precise business decision beneficial to the organisational performance (Chae et al.,
2014; Pape, 2015). The organisations must have the abilities to acquire valuable, inimitable, rare,
and non-substitutable (VIRN) data, which would be appropriate for the BA tools to analyse for
reaching an accurate business decision. There are several studies to highlight that the acquisition
of BA capabilities are perceived to have yielded better business value (Bayrak, 2015), but other
related studies reveal that there is a direct impact of BA on decision making (Ramanathan et al.,
2017). With all above discussion, the following hypothesis is proposed:
H2: Acquisition of Business Analytics Capabilities (BA) positively influences Business Decision
(BD).
3.3.3 Organisational performance (OP)
Earlier studies indicate that there is a connection between the acquisition of BA capabilities and
organisational performance in the context of increased competitive advantage that improves
business value (Elbashir et al., 2008; Cosic et al., 2015). Studies also reveal that if investment is
made for achieving successful BA solution, it would improve organisational performance
(Laeson et al., 2016). In terms of RBV theory, it is evident that data is considered as an effective
as well as strategic resource for an organisation to have appropriate BA solution by the process
of acquiring VIRN data would eventually improve organisational performance. Studies show that
there lies a link between acquisition of BA capabilities with business process performance
(Troilo et al., 2017). It is also noted that acquisition of BA capabilities has influence on tangible
and intangible performance of the organisations (Sun et al., 2017).
Studies show that acquisition of BA capabilities helps to achieve a collective and conducive
business environment in a more practical way towards improvement of business value
(Appelbaum et al., 2017). Application of optimum BA solution in an organisation renders the
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organisation to an evidence oriented problem solving organisation that clearly supports the
performance of the organisation and the acquisition of BA capabilities also ensures better
organisational performance for achieving competitive advantage improving its business value
(Holsapple et al., 2014). It is believed that acquisition of BA capabilities can considerably
improve the operational performance of the organisation (Klatt et al., 2011).
However, there are dearth of studies where there exists a linkage between the BA applications
and organisational performance with inclusion of business process performance and business
decision (Larson et al., 2016). In such circumstances, we posit that business process performance
and business decisions serve as effective intermediating variables between acquisition of BA
capabilities and organisational performance. With all the above discussion, the following
hypotheses are followed:
H3: Business Process Performance (BPP) positively influences Organisational Performance
(OP).
H4: Business Decision (BD) positively influences Organisational Performance (OP).
3.3.4 Business value (BV)
The performance of the organisation is required to be harmonised with its objective (Bernhard et
al., 2016). Performance of an organisation is associated with the conception of how the
organisation has been able to carry out its operations that would lead to their success and
business growth (Mithas et al., 2011). Operational excellence is considered as one of the vital
indicators of performance of the organisation that can weigh its response to business needs and
can access the productivity and sustainability for competition of the market (Wu et al., 2015).
These all lead to improve business value of the organisation. Performance of an organisation also
depends on the extent of investment, which enhances quality of the output (Brynjolfsson et al.,
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2000). Thus, the output quality is clearly related to the business value of the organisation. The
performance of the organisation is assessed by its operational efficiency that eventually adds to
the business value of the organisation (Elbashir et al., 2008). All these discussions lead us to
propose the following hypothesis:
H5: Organisational Performance (OP) has a positive impact on Business Value (BV) of the
organisation.
Earlier studies have suggested that some special characteristics of the organisation might impact
some of the key constructs in connection with investigating the acquisition issues of BA in
different organisations (Porter & Donthu, 2006). Thus, for better and transparent delineation of
the relations among the determinants in the proposed model, the authors here propose for
inclusion of some variables characterising the organisational performance. These are
organisational size, organisational age and industry type to provide an effective as well as
rigorous analysis of the theoretical linkages.
4. Research Methodology
The hypotheses have been tested statistically using Partial Least Square (PLS) – Structural
Equation Modelling (SEM) technique. This technique helps to relax rigorous process of normal
distribution, which is not permitted in CB-SEM (Sarstedt et al., 2017). Moreover, PLS-SEM
technique helps to analyse and assess a relatively complex model with no sample restriction
(Lowry et al., 2014; Khan et al., 2019). PLS-SEM technique helps to yield effective results in
exploratory studies (Willaby et al., 2015; Hair et al., 2018). We have used Smart PLS 3.2.3 for
analysing data of this research.
4.1 Measures

13

With the help of studies of the extant literature, the items to measure the constructs have been
used for ensuring content validity. However, through series of correctional procedures, they have
been modified appropriately to fit the context of the instant study. Acquisition of Business
Analytics Capabilities (BA) has been measured using six items in terms of knowledge taken
mainly from Ramanathan et al. (2017); Sun et al. (2017); and Tan et al. (2016). Five
measurement items have been framed relating to Business Process Performance (BPP) lending
inputs from Bayrak (2015) and Sharma et al. (2014). Three measurement items have been
articulated in connection with the construct Business Decision (BD) deriving knowledge from
Pape (2015) and Appelbaum et al. (2017). Seven measurement items have been prepared relating
to Organisational Performance (OP) with inputs from Bernhard et al. (2016); Mithas et al. (2011)
and Wu et al. (2015). Four measurement items have been structured concerning the construct
Business Value (BV) lending inputs from Brynjolfsson et al. (2000) and Elbashir et al. (2008).
To eliminate the defects of face validity and readabilities of the items, five experts in the field of
the present study have been consulted. With their opinion, some minor rectifications have been
made in the measurement instruments for improving their comprehensiveness. A pretest has been
conducted for validation of these 25 measurement instruments and the instruments have been
finally modified with the inputs from the pretest. In this way through step-by-step procedure as
envisaged by Carpenter (2018) has been followed to finally prepare the instruments. The
instruments have been prepared in the form of statements for having feedbacks for their
quantification in 5-point Likert scale ranging from Strongly Disagree as ‘1’ to Strongly Agree as
‘5’. The details of the measurement instruments have been shown in Table 1.
Table 1: Measurement Instrument
Construct
Sources with Component
Acquisition of Ramanathan et al., 2017;
Business
Sun et al., 2017; Tan et al.,
Analytics
2016

Measurement Items
BA1: I think data acquisition is most important for effective
business analytics solution for an organisation.
BA2: It is difficult to acquire data from different internal
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Capabilities
(BA)

Business
Process
Performance
(BPP)

Bayrak, 2015; Sharma et al.,
2014

Business
Decision (BD)

Pape, 2015; Appelbaum et
al., 2017

Organisational
performance
(OP)

Bernhard et al., 2016;
Mithas et al., 2011; Wu et
al., 2015

Business
Value (BV)

Brynjolfsson et al., 2000;
Elbashir et al., 2008

departments of the organisation for developing efficient
business analytics solution.
BA3: Acquisition of external data is important for effective
business analytics solution.
BA4: Acquiring appropriate tool is important for effective
business analytics solution.
BA5: It is expensive to acquire appropriate tool for
effective business analytics solution.
BA6: Tool training is important for effective business
analytics solution.
BPP1: I think improving business performance will help
the organisations in gaining economies of scale.
BPP2: Efficiency in process will enhance employee
productivity.
BPP3: Response to consumers’ query will be faster with
improvement of business process.
BPP4: I think improving business process will reduce
turnaround time of any market demand.
BPP5: Employees of the organisations will have better
experience for internal and external coordination.
BD1: Successful acquisition of business analytics
capabilities would enhance the ability to take right decision
at right time.
BD2: Appropriate business analytics solution will help
quicker decision-making process.
BD3: I think having efficient business analytics solution to
our organisation will help to respond the market demand in
a more efficient way.
OP1: I think acquisition of appropriate business analytics
solution will achieve more sales.
OP2: I think acquisition of business analytics capabilities
will reduce organisation’s distribution cost.
OP3: Appropriate business analytics solution will enhance
organisation’s competitive position.
OP4: With appropriate business analytics solution, per
employee cost can be reduced.
OP5: Acquisition of business analytics capabilities will
increase employee productivity.
OP6: Having effective business analytics solution can have
an impact on achieving better customer loyalty.
OP7: Appropriate business analytics solution will reduce
organisation’s administrative cost to a great extent.
BV1: Appropriate business analytics solution provides
more competitive advantage.
BV2: I think acquisition of business analytics capabilities
will increase organisation’s market share.
BV3: Appropriate business analytics solution will
eventually provide high Return on Investment.
BV4: I think our organisation can achieve better sales result
by acquisition of appropriate business analytics capabilities.

4.2 Data Collection and Sample
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For selection of organisation of different sizes, age (year of operation) and different industry
types, a list of different organisations has been taken from Mumbai Stock Exchange in India.
Following the elimination process of the organisations, which were felt not to meet the selection
criteria, a number of 150 organisations were randomly selected. Realistically, we sampled a wide
range of organisations from various product-intensive industries with an expectation to get a high
level of generalisability and external validity towards our research findings. The 150 firms were
selected the list of large and medium sized organisations since most of the small organisations
were reported not to apply BA tools for lack of resources. Initially, we tried to contact with the
top officials of these 150 organisations but unfortunately most of them were found reluctant to
cooperate with us. However, we could get hold of 15 organisations where the management (i.e.
Senior Managers and Mid-level Managers) of those firms were agreed to provide response
against the 25 questions. In total, we could contact 506 mangers at various positions for these
organisations. They were requested through email to complete the questionnaire consisting of 25
questions. They were given enough time (i.e. from August 2019 to October 2019) to complete
the survey. Within the stipulated time, we obtained 322 complete questionnaire with 16
incomplete responses. While intimating the respondents, we made them clear that the aim of this
study was purely academic. They were also informed that their anonymity and confidentiality
will be strictly preserved so that they could respond without any bias. They were instructed on
how to fill in the response document. We did send them reminders to improve the response rate
(Chidlow et al., 2015). As a result, we received an overall response of 306 usable responses with
a response rate of 63.6%. The demographic characteristics of respondents are presented in Table
2.
Table 2: Characteristics of the Sample
Characteristics
Position of the respondent

Category
Senior Manager

16

Number
192

Percentage (%)
62.7

Organisational Size (Number of employees)
Organisation Age (Years of Operation)
Industry Type

Mid-level Manager
501-2000 (Medium)
Above 2000 (Large)
Less than 3 years
3 to 10 years
Above 10 years
Financial sector
Telecommunication Sector
IT Sector
Healthcare Sector
Retail Sector

114
102
204
84
56
166
68
56
112
44
26

37.3
33.3
66.7
27.4
18.3
54.3
22.2
18.3
36.6
14.4
8.5

4.3 Control Variables
The special characteristics of the organisation have been tested with the help of three control
variables. First, organisational size has been measured with the help of number of employees in
an ordinal form as shown in Table 2. Second, organisation age has been assessed by the number
of years of operation from its very establishment. Third, for industry type, we have considered
five sectors including financial sector, telecommunication sector, IT sector, healthcare sector and
retail sector. Table 2 presents the overall split of these categories and the data gathered from each
one of them.
5. Data Analysis and Results
The conceptual model consists of five constructs BA, BPP, BD, OP and BV. The constructs have
been measured with 5-point Likert scale as already stated. This study also has considered some
control variables characterising organisational performance.
5.1 Data Analysis for Validity and Reliability
To ascertain the convergent validity, the loading factor of each item has been measured.
Composite Reliability (CR) as well as Average Variance Extracted (AVE) of each construct has
been computed (Chin, 2010). For ensuring constructs’ consistency, Cronbach’s alpha (α) of each
construct has been calculated. To test multicollinearity defect, Variance Inflation Factor (VIF) of
each construct has been estimated. All the results are found to be within acceptable range (Hair
et al., 2011; Kock and Lynn, 2012). The measurement properties are presented in Table 3.
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Table 3: Measurement Properties
Construct/Item
Loading
t-value
Factor
Acquisition of Business Analytics Capabilities (BA)
BA1
0.87
21.47
BA2
0.90
26.12
BA3
0.95
19.57
BA4
0.90
28.41
BA5
0.88
26.21
BA6
0.89
24.71
Business Process Performance (BPP)
BPP1
0.93
28.11
BPP2
0.95
23.10
BPP3
0.90
27.88
BPP4
0.94
24.17
BPP5
0.91
22.24
Business Decision (BD)
BD1
0.92
22.18
BD2
0.90
26.72
BD3
0.95
24.88
Organisational Performance (OP)
OP1
0.91
22.12
OP2
0.97
29.37
OP3
0.95
22.46
OP4
0.90
19.48
OP5
0.90
26.88
OP6
0.95
25.27
OP7
0.98
27.11
Business Value (BV)
BV1
0.93
26.42
BV2
0.88
27.11
BV3
0.89
28.95
BV4
0.96
21.17

Cronbach’s
alpha (α)
0.94

CR

AVE

VIF

0.86

0.81

4.8

0.96

0.89

0.86

4.7

0.93

0.91

0.85

3.9

0.95

0.92

0.88

3.7

0.89

0.88

0.84

4.1

5.2 Discriminant Validity Test
For confirming the discriminant validity, square root of each AVE was estimated. The square
root of each AVE is found to be greater than the corresponding correlation coefficients of that
construct with other constructs. It confirms discriminant validity (Forenell and Larcker, 1981).
The results are presented in Table 4.
Table 4: Discriminant Validity Test
Construct/Con
Org.
Org. Age
trol variable
Size
Org. Size
1.00
Org. Age
0.06
1.00
Ind. Type
0.46
0.40*
BA
0.28
0.05*
BPP
0.13
-0.07
BD
0.24*
0.11**
OP
-0.40
0.23

Ind.
Type
1.00
0.40
0.38*
0.06
-0.41**

BA

0.90
0.40
0.31
0.37
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BPP

0.93
0.22
0.38**

BD

0.92
0.26

OP

0.94

BV

AVE
1.00
1.00
1.00
0.81
0.86
0.85
0.88

BV
SD
Mean

0.36
---

0.31
---

-0.38
---

0.21
1.17
3.46

0.07
1.16
5.11

0.21***
1.11
4.12

0.12*
1.02
4.66

0.92
1.09
3.71

0.84
---

To supplement the Fornell and Larcker criteria, we have also conducted Heterotrait-Monotrait
(HTMT) correlation ratio test as recommended by Henseler et al. (2014). The results in this test
show that all the concerned values of the constructs are less than 0.85 (Voorhees et al., 2016). It
also confirms discriminant validity. The results are presented in Table 4a.
Table 4a: Discriminant Validity Test (HTMT criteria)
Construct
BA
BPP
BD

OP

BV

BA
BPP
BD
OP
BV

0.25

-

0.34
0.32
0.19
0.27

0.26
0.29
0.41

0.33
0.38

5.3 Common Method Variance (CMV)
Since the study stands on the foundation of self-reported data, CMV is required to be performed.
However, as a preemptive measure, at the time of survey, all the prospective respondents were
assured that their identity will not be disclosed. However, for verifying if there is still any bias in
the data, Harman’s SFT (Single Factor Test) has been performed that transpired that the first
factor emerged with 39.06% which is less than the highest cutoff value of 50% (Podsakoff et al.,
2003). Hence the data could not distort the results.
5.4 Hypothesis Testing
Bootstrapping procedure with Smart PLS has been used for hypothesis testing. This process
helps us to test the hypotheses without conducting parametric test (Chin, 2010). In the PLS-SEM
approach bootstrapping procedure is always recommended. In this approach we have used 5000
resamples with 306 cases (Henseler et al., 2009). This approach has helped us to find out path
weights of different linkages, p-values and coefficient of determinants (R2) values. The entire
results are shown in Table 5.
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Table 5: Results of Hypothesis Testing with p-values and R2
Path
Hypothesis
Path-weight/R2
Effect on BPP
R2=0.48
by BA
H1
0.46
Effect on BD
R2=0.39
by BA
H2
0.31
Effect on OP
R2=0.52
by BPP
H3
0.44
by BD
H4
0.52
Effect on BV
R2=0.71
by OP
H5
0.61

p-value

Remark

**p<0.01

Supported

*p<0.05

Supported

**p<0.01
***p<0.001

Supported
Supported

***p<0.001

Supported

A Sobel test (Baron and Kenny, 1986) has been conducted. It appears that, so far as control
variables are concerned, age and industry type of organisations were found insignificant to
impact organisational performance. Only size has been found to possess positive as well as
significant standardised coefficient on organisational performance (p<0.05). This signifies that
organisations of large size show higher performance. After the PLS-SEM statistical analysis, it
has been possible to validate the conceptual model by estimating the path coefficients, R2 value
and p-value. The entire results are shown through the Figure 2.
5.5 Results
From the understanding of the existing theories and the review of literature, it has been possible
for us to propose a research model and formulate five hypotheses such as H1 (BA→BPP), H2
(BA→BD), H3 (BPP→OP), H4 (BD→OP) and H5 (OP→BV). All these five hypotheses have
been supported. Effect of BA on BPP is appreciable because the corresponding linkage bears the
path weight 0.46 with appreciable level of significance (**, p<0.01). This has supported H1.
Besides, the path coefficient of linkage arising out of H2 (BA→BD) is seen to be also not less
and it is 0.31 with level of significance (*, p<0.05) supporting H2. The path coefficient bridging
the linkage arising out of H3 (BPP→OP) is 0.44 with level of significance (**, p<0.01), which
supports H3.
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0.93

BA1
BA2
BA3
BA4
BA5
BA6

0.95

0.87
0.90

0.90
R2=0.48

0.95
0.90

0.94
0.91

Business
Process
Performance

0.88
0.89

0.46**

R2=0.39

BD1

BPP5

R2=0.71
0.61***

0.91
0.97
0.95
0.90

0.95

0.95
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0.88

OP2
OP3

0.89

BV1
BV2

BV3

OP4
OP5

OP6
OP7

0.93

OP1

0.96

0.90

0.98

Business
Value

0.52***

0.95

0.90

BD2

BPP3

BPP4

Organisational
Performance

Business
Decision

BD3

BPP2

0.44**
R2=0.52

Acquisition of
Business
Analytics
Capabilities

0.31*

BPP1

BV4

[Note: *: p<0.05; **: p<0.01 and ***: p<0.001]
Figure 2: Validated research model with measurement instruments

The path coefficient concerning to H4 linkage (BD→OP) appears to be 0.52 with appreciable
level of significance (***, p<0.001) supporting H4. Out of these two linkages covering
hypotheses H3 and H4, the effect on OP by BD is more compared to the effect on OP by BPP as
it appears from the magnitude of the corresponding path coefficient. The impact of OP on BV
(H5) is also appreciable since the corresponding path coefficient appears to be as high as 0.61
with level of significance (**, p<0.01).Now, the different values of coefficient of determinant
provide us a clear picture regarding the explanative effect. It appears that BPP could be
explained by BA to the extent of 48% since corresponding R2=0.48. Again, BA has been able to
explain BD to the tune of 39% since the related R2=0.39. The impact of both BPP and BD on OP
highlights that these two endogenous variables could explain OP to the tune of 52% as the
corresponding R2=0.52. The results of the validation show that the BV could be interpreted by
OP to the tune of 71% since the corresponding coefficient of determinant is 0.71. The model
possesses high explanative power of 71%.
6. Discussion
The study highlights that business analytics comprises of two components i.e. data acquisition
and tool acquisition. The model after statistical validation transpires that acquisition of business
analytics capabilities could impact both on business process performance as well as on business
decision confirming the hypotheses H1 and H2. This result has received support from earlier
studies (e.g. Sharma et al., 2014; Sun et al., 2017; Appelbaum et al., 2017; Pape, 2015). The
existing studies have supplemented that use of BA tools in any type of organisation has effective
impact on the process performance of the organisation and also BA capabilities have effective
impact to influence the business decision of the organisations, which are considered vital for
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business activities of the organisations. It has transpired that acquisition of BA capabilities are
expensive and as a result of that in our survey while attempting to statistically validate the
model, we did not find any small organisations to use BA solution due to its resource constraint.
Again, business process performance has been considered as a good predictor of organisational
performance as is seen from the statistical approach confirming Hypothesis H3. This result has
been supplemented by earlier studies (e.g. Larson et al., 2016), which hypothesised that if the
process of business runs in a better way in an organisation, it impacts the overall performance of
the organisation. This study also shows that the business decision has an effective contribution
on organisational performance confirming Hypothesis H4, which is in consonance with the
results of other earlier studies (Troilo et al., 2017; Appelbaum et al., 2017) where it has been
seen that if an organisation fails to take appropriate decision, especially, in the context of
demand and needs of the customer, the overall performance of the organisation is hampered.
This study has shown that strong business performance of the organisation has contributed to the
business value of the organisation supporting Hypothesis H5, which has received support from
earlier other studies (e.g. Elbashir et al., 2008; Wu et al., 2015) where it has been seen that
accurate and flawless performance of an organisation can bring in appreciable business benefits
enhancing their business value. Thus, acquisition of BA capabilities could improve the
organisational performance through improvement of process performance and business decision
and once organisational performance is improved, it will help to develop business value.
The approach of this study has emphasised on acquisition of accurate and usable data. This is
complemented by RBV theory. The study has highlighted contributions of business analytics for
improving business value (Rodrigues et al., 2014). BA contains three progressive tiers including
descriptive, prescriptive, and predictive. This study has shown that the BA enhances learning
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experience helping to understand the business to accomplish better performance (Ramanathan et
al., 2017). This study has highlighted that BA solution is associated with a wide range of
applications including appropriate data analysis, which help the organisations to take the
appropriate process to proceed and to take accurate decision thereby improving the
organisational performance (Chae et al., 2014; Pape, 2015).
6.1 Theoretical Contributions
This study sets out to further the existing research on business analytics to offer more
comprehensive and informed narrative on acquisition of BA capabilities and its impact on
business value. In developing the proposed model, Resource Based View framework has been
used which is considered as an effective managerial framework for determining the strategic
resources, which organisations can exploit for achieving sustainable business value. The study
has theorised by synthesising different components of business analytics tool for improving the
organisational performance mediating through endogenous factors such as process performance
and business decision. Use of these two mediating variables has strengthened the viability and
effectiveness of the model and consequently helped it to achieve the high explanative power of
71%.
Moreover, consideration of three control variables characterising the organisational performance
has enriched the model further as one control variables (size) has strengthened the effect of
organisational performance. As this research is fundamentally concerned with the acquisition of
business analytics with the study of its consequential eventualities, some more relevant
constructs have been used to achieve the high explanative power. The proposed research model
could be considered as a parsimonious model triggering organisational performance for deriving
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improved business value of an organisation. There are various studies where organisational
performance has been shown to be influenced by acquisition of business analytics capabilities.
However, none of these studies are based on the research model where the influence of
acquisition of BA capabilities on organisational performance has been shown to strengthen
through intermediating variables such as business process performance and business decision.
Use of these intermediating variables seems to improve organisational performance. The
proposed research model is expected to bring in a changed concept of the business players of
organisations by developing their ideas about moderating scenario as traditionally the target of
organisations remains confined to make profits by improving the quality of products and to
reduce product cost. This is perhaps the first research that has highlighted the urgent need of
business analytics tools to enhance performance of the organisations through developed process
and by accurate decision making that would eventually improve the business value.
This study has provided inputs to the researchers to study how performance of organisations can
be improved for increasing business value through appropriate acquisition of business analytics
tools. Existing studies (e.g., Delen et al., 2003; Sharda et al., 2014) have proposed several
dimensions such as domain (refers to fields and areas in which analytics is employed), method
(highlights the approaches used to analyse the data) and orientation (refers to the line of thought
and is not distinctive to one or the other business domain) for business analytics. However, in
this study we have used two most important dimensions of BA, which are data acquisition and
tool acquisition and by such consideration, the theoretical model could achieve high explanative
power. This study has highlighted that there is a direct linkage between BA and business process
performance that highlights that BA solution can be considered to have been integrated with
process of the organisation (Tan et al., 2016). Moreover, none of the existing studies have
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proposed the impact of BA on organisational performance using intermediating variables such as
business process performance and business decision. This study is claimed to have enriched the
body of literature in this respect as well.

6.2 Managerial Implications
The study has been able to project various implications for the managers of the organisations to
improve their business value. Studies have revealed that BA solution would eventually impact
organisational performance that would improve business value of an organisation. But in this
study, it has been noted that for paucity of funds, the small organisations are not being able to
acquire BA solution across their organisations. The managers of small organisations are needed
to convince the top management of the organisation for arranging of financial support so that
acquisition of BA capabilities can be ensured

in those small organisations for improving

business value. It is observed that there is a direct linkage between acquisition of BA capabilities
and improvement of business process performance. Now this implies that by improving the
process and by real-time business decision, the performance of the organisation can be improved
to ensure business growth.
As such the managers of the organisations should be vigilant so that the business processes can
be improved and the managers should also focus attention on the points that the organisation
does not fail to take real time accurate decision. Now decision-making mechanisms are
considered as a joint effort when every employee of an organisation will have some contributions
in decision making. Such being the situation, the managers of the organisations should arrange to
train every employee properly so that each employee can take part in the decision-making
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process. This will enhance the performance of the organisation to increase business value. In the
initial level, the organisational authorities are needed to use the appropriate business tools to
analyse the data and for this, the concerned authorities selecting to acquire appropriate tools must
be well conversant in this context.
The role of managers in this respect is perceived to be very crucial. In the complex and dynamic
business environment, application of BA with the help of inimitable data would help the
authorities of the organisations to realise the business dynamics better. The managers need to
verify the market assumptions with real data by the help of BA solution to enhance business
value of the organisations. The managers must be serious to see that managerial decision-making
in all level of the organisation must be carried out basing on the ground reality (Klett et al.,
2011). The managers are to be sincere to confirm that there must be optimisation of business
operations, there should be a proper forecasting of the outcomes, appropriate decisions and
attempts need to be made for innovating new products and new services. If these are ensured by
the use of BA solution, the organisations would be able to improve overall performance that
would help to increase their business value.
6.3 Limitations and Future Research Directions
Like any other studies, this study also has some limitations. First, we did not consider the
commitment of the top management concerning the culture of the organisation towards BA
acqusition. This may be considered as a moderating variable in the future research. For
investigating organisational performance, we have used three control variables including
organisation size, organisation age, and industry type. But there are other variables like R&D
factor, revenue issue, etc., which may also control the performance of the organisations. These
control variables could be considered as a part of future research. Second, while validating the
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research model using relevant data, the survey was conducted in India and the results obtained
may be country specific. Hence, the findings of this research may lack generalisability. Therefore
the findings of this research need to be applied in the other context with a certain level of
caution. The future research could also consider collecting data from the developed economy to
test the proposed model. Third, the sample size of the survey is not large enough. Hence, the
future researchers could plan to collect a larger sample to validate the proposed research model.
Third, we have used RBV framework to interpret an acquisition of BA capabilities and its
linkage with performance. There are other alternative ways to study the relationships of some of
these key constructs through a variety of other theoretical lenses like stakeholder theory,
institutional theory, etc. Again, in the countries like India, the complete BA solution in
organisations are yet to be experienced, hence the survey responses may be obtained from nonusers of BA solution. Therefore, the proposed model could be applied in the mature environment
where complete BA solution has already taken place, or other boundary conditions might be
included to improve the model. The future researchers might take appropriate initiatives to
cultivate some of these unearthed points.
7. Conclusion
The study has been able to establish the viability and importance of business analytics for the
improvement of organisational performance. It has been noted in the study that acquisition of
business analytics in an organisation helps to improve overall business performance of the
organisation that in turn influences the organisational performance positively eventually
improving the business value of the organisation. It has been also observed that acquisition of
business analytics capabilities help the organisation to take appropriate business decision at the
right time that can help to improve organisational performance providing better business value. It
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is a fact that organisational performance is improved significantly by the acquisition of business
analytics in the organisation, but it depends on the size of the organisation. This control variable
(size) considerably impacts organisational performance in selecting various business analytics
solution. Finally, as it is seen that performance of an organisation is improved by the acquisition
of appropriate business analyticscapabilities, it also provides better business growth to the
organisations by improving the business process and real time decision making.
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